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1 Advancing extrapolative Kohei Noda, Araki Wakiuchi, | Communications 2025 4
predictions of material Yoshihiro Hayashi, Ryo Materials 6: 36 2 A
properties through learning to | Yoshida
learn using extrapolative
episodic training
2 Smectic liquid crystalline Hayato Maeda, Yucheng Polymer Journal 57 2025 4
poly(ester imide)s with low Liang, Ryohei Hosoya, Rika 2 H
dielectric dissipation factors Marui, Erina Yoshida, Yugian
for high-frequency Chen, Kan Hatakeyama-Sato,
applications Yuta Nabae, Shiori Nakagawa,
Junko Morikawa, Masatoshi
Tokita, Ririka Sawada, Shinji
Ando, Yoshihiro Hayashi, Ryo
Yoshida, Hidemine Furuya,
Teruaki Hayakawa
3 SPACIER: on-demand Shun Nanjo, Arifin, Hayato npj Computational 2025 4
polymer design with fully Maeda, Yoshihiro Hayashi, Materials 11: 16 1 H
automated all-atom classical Kan Hatakeyama-Sato, Ryoji
molecular dynamics integrated | Himeno, Teruaki Hayakawa,
into machine learning Ryo Yoshida
pipelines
4 Shotgun crystal structure Chang Liu, Hiromasa Tamaki, | npj Computational 2024 4
prediction using machine- Tomoyasu Yokoyama, Materials 10: 298 12 H
learned formation energies Kensuke Wakasugi, Satoshi
Yotsuhashi, Minoru Kusaba,
Artem R. Oganov, Ryo
Yoshida
5 Comprehensive experimental Erina Fujita, Chang Liu, Scientific Data 11: 1211 2024 4
datasets of quasicrystals and Asuka Ishikawa, Tomoya 11 H
their approximants Mato, Koichi Kitahara, Ryuji
Tamura, Kaoru Kimura, Ryo
Yoshida, Yukari Katsura
6 Machine learning-based Fatima Jenina Arellano, Journal of Vacuum 2024 4F
prediction of the electron Minoru Kusaba, Stephen Wu, | Science and Technology | 7 H
energy distribution function Ryo Yoshida, Zoltan Donko, A 42: 053001
and electron density of argon Peter Hartmann, Tsanko V.
plasma from the optical Tsankov, Satoshi Hamaguchi
emission spectra
7 [7v 7 ) v ] Bayesian Minoru Kusaba, Megumi arXiv:2503.13676 2025 H
Kernel Regression for Iwayama, Ryo Yoshida 3 At
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using machine learning Nabae, Shiori Nakagawa,
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Hayashi, Masashi Ishii, Isao
Kuwajima, Felix Jiang, Xuan
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of Sim2Real Transfer Learning | Hayashi, Stephen Wu, Kenji 8 H ikt
in Expanding Computational Fukumizu, Hiroki Sugisawa,
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B, FRX—
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11 Scalability of Growing Ryo Yoshida The 15th International 2024 4
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