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(Polydoros et al., 2017)

Schwenzer et al., Review on model predictive control: an engineering perspective, The International Journal of Advanced Manufacturing Technology, 2021

Polydoros et al., Survey of Model-Based Reinforcement Learning: Applications on Robotics, Journal of Intelligent & Robotic Systems, 2017
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* DreamerV3 (Hafner et al., 2023)
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(b) Actor Critic Learning

Hafner et al., Mastering Diverse Domains through World Models, arXiv:2301.04104, 2023
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https://wayve.ai/thinking/introducing-gaial/
Hu et al., GAIA-1: A Generative World Model for Autonomous Driving, arXiv:2309.17080, 2023
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— A7RT 49X :MuloCo, Isaac gym, Brax, etc.
— BEE)EER: CARLA, CarMaker, CarSim, etc.
— 75>k :DWSIM, OpenModelica, Plant Simulation, etc.



Sim-to-real transfer
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— Human-in-the-loop correction (zhao et al., 2020)
— etc.

%n-to-Real

Transfer

Zhao et al., Sim-to-Real Transfer in Deep Reinforcement Learning for Robotics: a Survey, IEEE SSCI, 2020



Human-in-the-loop correction

 TRANSIC (Jiang et al., 2024)
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Jiang et al., TRANSIC: Sim-to-Real Policy Transfer by Learning from Online Correction, arXiv:2405.10315, 2024
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e Universal Simulator (UniSim) Action: Wash hands
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Yang et al., Learning Interactive Real-World Simulators, ICLR 2024
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Whitney et al., Learning 3D Particle-Based Simulators from RGB-D Video, ICLR 2024



e Sim-to-real transfer
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