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Generative Adversarial Network (GAN)
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Unsup. Feature Learning in NLP
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Semantic Analysis, LSA)
how ML/NLP community feels about unsup.  peep Belief Nets (DBN)
learning of word/sentence representations

cold BERT: Pre-training of Deep Bidirectional

Transformers for Language Understanding

Unsupervised Deep Learning Tutorial - Part 2 S .
Alex Graves Marc/Aurelio Ranzato NeurlPS, 3 December 2018 &Y MER LR F



word2vec

“All of the sudden a cat jumped from a tree to chase a mouse.’

The meaning of a word Is determined by its context.
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* Input: The man want to the [MASK1].

He bought a [MASK2] of milk.
Labels : [MASK1] = store; [MASK2] = gallon;
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BERT: Pre—training of Deep Bidirectional Transformers for Language
Understanding

Jacob Devlin, Ming—Wei Chang, Kenton Lee, Kristina Toutanova
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A robust layered control system for a mobile robot
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Figure 1. A traditional decomposition of a mobile robot control system into Tenctional
modubes.
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Figure 2. A decomposition of a mobile robot control system based on task achieving

behaviors.
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