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J. Wei and Y. Tay, “Characterizing Emergent Phenomena in Large Language Models”.
https://ai.googleblog.com/2022/11/characterizing-emergent-phenomena-in.html
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MedGPT

ny clavicle. | am 90 years old. Should | Take a surgery ?

Search

The decision to undergo surgery for a broken
clavicle (collarbone) depends on various factors
such as the severity and location of the fracture,
your overall health, and your ability to tolerate
surgery and anesthesia. In older adults, the
decision to undergo surgery may be more complex
due to the increased risk of complications such as
infection, poor wound healing, and prolonged
recovery time.

It is important to consult with an orthopedic
surgeon who can evaluate your specific condition
and recommend the most appropriate treatment
plan. They may recommend conservative
treatment options such as pain management,
immobilization, and physical therapy, or they may
recommend surgery if the fracture is severe or
displaced.

Ultimately, the decision to undergo surgery should
be based on a careful consideration of the
potential benefits and risks of the procedure, as
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%5 )L = Foundation Model
“On the Opportunities and Risks of Foundation Models”,
R. Bommasani et al. (2021), https://arxiv.org/abs/2108.07258
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ANRREETET)LOEIFEMY : ChatGPT

Q. As a professional novelist, please write a science fiction such that RIKEN plays an important role.
Sure, here's a short science fiction story featuring RIKEN:
Title: The RIKEN Experiment

It was the year 2050, and the world was on the brink of a major scientific breakthrough. The RIKEN organization in Japan had been
conducting a top-secret experiment for the past ten years, and the results were finally about to be revealed.

Dr. Masaru Ito, the head of the RIKEN team, stood before the world's top scientists and researchers, ready to unveil his team's discovery.

He took a deep breath and began his presentation.

"We have successfully discovered a new method of harnessing the power of the human mind," Dr. Ito announced. "Using advanced
neuroimaging techniques, we have found a way to tap into the brain's electrical signals and convert them into usable energy."

The room erupted in applause, and Dr. Ito smiled proudly. This was the moment he had been waiting for his entire life.

As news of the RIKEN experiment spread throughout the world, governments and corporations began vying for access to the technology.

The potential applications were limitless: powering homes and cities, revolutionizing transportation, and even creating new forms of
entertainment.

But as the world celebrated the RIKEN experiment, a group of rogue scientists began to express concern. They worried that the new
technology could have unintended consequences, and that the power of the human mind should not be tampered with.

Their fears were realized when a group of hackers infiltrated the RIKEN system and began manipulating the brain signals. Suddenly,
people all over the world began experiencing uncontrollable thoughts and emotions. Some even reported feeling physical pain and
discomfort.

Dr. Ito and his team raced to find a solution, but it seemed like they were too late. The RIKEN experiment...

RIMEN
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J. Kaplan et al., Scaling Laws for Neural Language Models. https://doi.org/10.48550/arXiv.2001.08361
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J. Wei and Y. Tay, “Characterizing Emergent Phenomena in Large Language Models”.
https://ai.googleblog.com/2022/11/characterizing-emergent-phenomena-in.html
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