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5. Exper

If not mentioned otherwise we use between 100M-200M
training face thumbnails consisting of about 8M different

ing, rather than the standard onal layers. Thus
we trained it on the largest fac afaset to-date, an iden-
tity labeled dataset of four million facial images belong-

. . network. Input sizes range from
ing to more than 4,000 P g

pixels in our expeniments.




