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Generative adversarial nets (GANs)* it AL f-##2 & €T )L MD-GANZEI¥.
BRI IaL—23aoT—4%2FEL, REMEIIaL—23avT—43FFRTHETIL.

* Arjovsky et al., arXiv preprint, 1701.07875 (2017).
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Thirty-Second AAAI Conference on Artificial Intelligence, 2192 (2018).
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MD-GANDE
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- Feature extraction: NEDFIFDH CRREDYIBENREDLSIE, TNOEEHRETS.
- Step skip: MATYTRIZLDERIIDAH TCRREDWEBENREDILLIE, TNOEFERRETS.

BorORMERZEZFEL, REMORRINZFTAUTS.
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* Tanzi L. et al., J. Phys. Chem. 116, 10160(2012).
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- Feature extraction: OHJR F ] D 8 5t 1 E
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* Takahashi et al., Polymers 9, 24(2017).
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- Feature extraction: /R TFL 253 F D il EEAE
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- MD-GANIC &5 E:®&{kl3, REHEEREZHOYEDEHEICEH
WTHIHCERT® 3.
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